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Abstract

Finding similarity and semantic relatedness between words and concepts of a language is very important in
natural language processing and can help improve the performance of various systems such as plagiarism
detection, summarization, machine translation evaluation, transliteration detection, implication detection and
intelligent conversation. Finding semantic similarity and relatedness, depending on the type of meaning
representation, can be graph-based or vector-based. In graph-based methods determine the degree of
semantic similarity of the two concepts based on the information in the hierarchy, and semantic relatedness is
calculated using more information, such as other non-hierarchical relations and glosses or examples for each
concept in the wordnet. In this paper, first we explain how the six existing measures of semantic similarity
and the three measures of semantic relatedness work on a pair of Persian concepts or words. Besides using
these measures, we introduce a new FarsNet-based method and measure semantic similarity and relatedness
of Persian words based on all these measures. We also prepare a baseline service to calculate word
similarities and test, evaluate or compare similarity measures.
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* Least Common Subsummer

® Information Content
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Similarity Theorem

Context Vector

% Gloss

1 Super Gloss

12" Antonym, Part holonym, Part meronym, Member
holonym, Member holonym, Attribute, is-Attribute-
of, Portion meronym, Portion holonym, Salient
defining feature, Has-Salient defining feature,
Substance holonym, Substance meronym, Entailment,
Is-Entailed-by, Is-Patient-of, Patient, Agent, Is-Agent-
of, Cause, Is-Caused-by, Is-Location-of, Location, Is-
Instrument-of, Instrument, Unit, Has-Unit, Related -
to, Domain, Is-Domain-of

Non_Verbal _Part, Refer_to, Is_Verbal Part of ,
Is_Referred_by , Is_Non_Verbal_Part_of
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